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Summary: To stay competitive, retailers must understand not only current consumer behavior, but must also be able to predict future consumer behavior. Accurate prediction and an understanding of customer behavior can help retailers keep customers, improve sales, and extend the relationship with their customers. SQL Server 2008 offers predictive analysis through data mining, empowering users with actionable insight across the organization. SQL Server 2008 and Microsoft Office Excel 2007 offer data mining capabilities that can help retailers make informed decisions. This white paper explores examples that include churn analysis to estimate the number of customers in danger of being lost, market analysis to show how customers are distributed between high and low value segments, and market basket analysis to determine those products that customers are more likely to buy together.
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[bookmark: _Toc95395435][bookmark: _Toc199279456]Introduction
Retail is an industry that is in a constant state of change. Increasing competition, a wide array of product offerings, increasing customer sophistication, multiple touch points to the customer, and consumer complexity are just a few of the many examples that constitute a dynamic and constant state of change in the area of retail sales. As the population continues to increase and consumers are presented with more choices, the numerous challenges that a retailer faces become more pervasive. To stay competitive, retailers must take an analytical, guided, and prescriptive approach to better understand their business and anticipate customer behavior. 
Predictive analysis can help. For years data mining has been suitable only for a limited audience with expertise in statistics and math. However, Microsoft® SQL Server® 2008 provides simplified tools that bring data mining to knowledge workers. 
Microsoft predictive analysis enables all business users in a retail organization to take advantage of powerful analytical tools in a presentation layer that is easy to understand. This is accomplished through Microsoft Office Excel® 2007 and SQL Server 2008. By taking advantage of the capabilities of Microsoft data mining, retailers can more easily acquire and retain customers, optimize merchandising assortments, and better understand the true demand for their products. Retailers can then identify those variables that have the most significant impact on business performance and customer behavior. 
This paper discusses many of the problems faced by retailers and how they can be resolved with predictive analysis solutions delivered by SQL Server 2008.
[bookmark: _Toc199279457]Predictive Analysis
Predictive analysis solutions are delivered by using data mining technologies that use analytical models to discover hidden patterns and apply them to predict future trends and behaviors. Interest in predictive analysis within retail organizations is increasing. However, the adoption of data mining technologies in most retail organizations is limited. Data mining has many components, but the most significant components that are required to ensure meaningful and actionable insight are the following:
Define the business problem.
Explore the data.
Create predictive models.
Test the models.
Apply one or more models to an identified population to predict behavior.
Typically, the complete data mining process is not followed—consequently, the results that are produced are not predictive and only limited insight into the business is gained. Furthermore, organizations may not have all the resources or information necessary to facilitate the data mining environment because traditionally, the focus has been on retrospective analysis rather than predictive analysis. Microsoft SQL Server 2008 Data Mining Add-Ins for Office 2007 make predictive analysis intuitive and simple, making predictive analysis appealing to all business analysts and decision makers. 
The terms data mining and predictive analysis are not new concepts. Traditional statistical techniques have been used for years to model consumer behavior, predict stock prices, assess labor needs, model exchange rates, and so forth. With the introduction of commercially available data mining software, predictive analysis is becoming more integrated into business decisions and processes. However, data mining and statistical analysis is sometimes avoided because these types of analysis occur in unfamiliar user environments and require statistical understanding and/or programming skills. 
Microsoft, through the Data Mining Add-Ins for Office 2007 is changing the way retailers view predictive analysis. With intuitive tools in a familiar user environment, organizations can now take advantage of a complete data mining platform directly at the desktop, introducing insight to every business decision. 
What is predictive analysis? In the context of this paper, it is the process of selecting, exploring, analyzing, and modeling data to create better business outcomes. Successful predictive analysis takes into consideration where data is located, the state of the data (redundant, old, dirty), and how accessible it is. An important aspect of predictive analysis is how the data should be structured to align with business objectives and to reflect the reality within which the business operates. 
The Data Mining Add-Ins for the 2007 Office System create an environment where predictive analysis solutions can be delivered seamlessly and intuitively. The next section explores the process of building successful predictive analysis solutions. 
[bookmark: _Toc199279458]Data Mining Models
A successful data mining project requires a clear process. The process described in this paper is not the only suggested methodology, but it will ensure that meaningful results are returned that will provide insight that can be used for business decisions. 
[bookmark: _Toc199279459]Define the Business Problem
A data mining project starts with a defined business problem. In the most successful data mining projects, the problem is defined quantitatively. Example problem definitions are:
We want to find the top 10 percent of our customer base that is most likely to churn.
Who are my high margin customers?
Without a defined business problem or if the business problem lacks a metric, a data mining project will not deliver useful results because the user does not have a specific measure for success. 
A data mining project also includes information about the data that will be used. The problem definition could include additional specifications such as one or more of the following:
Where is the data?
Who is responsible for the data?
How do I get access to the data?
How much data is available?
Does the data satisfy my business problem?
Do I have enough data?
Is the data clean? 
Where can I process this data? 
It is quite common for the data sources to be in multiple locations, exist in different file formats, and have different underlying structures. For example, in a data mining project for a customer relationship management initiative, you might obtain the data from multiple transactional systems, thirdparty data, feeds from Web logs, and response information from mobile text ads. Both the business problem and the data that is going to support the solution require thought and planning. 
SQL Server 2008 delivers many technologies to simplify and automate the tasks to obtain the data that support the business problem. SQL Server Integration Services (SSIS) enables you to pull data from various sources, clean the data, transform it into the appropriate format, and then load it into an easily accessible destination with enterprise grade security, performance, and scale, truly making any type of data available, for any type of analysis. 
[bookmark: _Toc199279460]Explore the Data
Data exploration is the process of looking at the shape, health, distribution, and overall state of the data. Patterns and anomalies identified at this step can help improve overall understanding of business processes. When exploring data for a data mining project, it is quite common that you will find missing values, outliers, abnormal distributions, or unique patterns within the underlying data structure of a data source. For example, if there are tremendous amounts of missing values in the data, it is possible that customer service is inaccurately entering customer information. Some anomalies may uncover a real problem, such as an issue with product delivery for a specific brand. In this case, the abnormal behavior describes a real business problem rather than errors in data entry.
By exploring data through a technique called clustering, patterns begin to emerge that may not have been immediately evident. For example, if a retail store has created four segments of consumer behavior for a particular store location, they may create better customer loyalty by optimizing their merchandise assortment specifically for identified segments of customers, each of which demonstrate similarity in purchasing behavior. Exploring your data gives you tremendous insight into the structure of your data, and could potentially have profound impact on business operations. 
The Data Mining Add-Ins for Office 2007 enable data exploration through Table Analysis Tools for Excel and Data Mining Client for Excel.
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Figure 1: Table Analysis Tools for Excel
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Figure 2: Data Mining Client for Excel

[bookmark: _Toc199279461]Clean the Data
Cleaning the data can require multiple iterations until the appropriate data mining set has been generated to solve the business problem. The Data Mining Add-ins for Office 2007 alleviate a tremendous amount of the burden associated with data preparation. The following figure shows the option to replace outliers when performing a data cleansing routine. Not only can you detect outliers, but you can relabel data values as well. This enables you to replace values such as substituting null values with an appropriate label. Furthermore, visualizations in the user interface of the add-ins help you to clearly identify exceptions and intuitively take action to resolve them.
The cleansed data can be incorporated directly back into the original set of working data, allowing for great flexibility and self service. 
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Figure 3: Locating data outliers
Quite often the underlying data can take on many values (the data is noisy), values are missing, or there are data points that are clearly out of range of the norm. It is highly possible that an anomalous value could actually be a valid value. For example, a certain customer group could represent unique high spending or low spending behavior, but the frequency of that behavior could be extremely often or extremely infrequent. Still, this is valid data. Careful attention must be paid to how the data will be cleaned because exceptions are defined by patterns within the existing dataset and may not be unique in absolute terms. 
[bookmark: _Toc199279462]Partition the Data
Data partitioning is the process of creating training and testing groups for the model generation process. The training group is a selected group of data that is used to inform the model about patterns and influences. The testing group is used to assess the validity of the model, comparing predictive values with actual data. The training group is used to generate the first series of models, and the testing group is used to answer the question, “Did the generated model behave as expected?” This method is referred to as a check and balance. 
The Data-Mining Add-Ins for Office 2007 enable the end user to perform many of the tasks that are associated with the data partitioning stage. You can choose from among multiple sampling techniques to create the training and testing groups. For example, you can oversample underrepresented populations. You can force an equal representation of males and females in the analysis when this may not be true in the underlying data. This would guarantee that the resulting data set has an equal number of cases of males and females. When we have rare cases in our data, oversampling enables us to understand the behavior of the rare cases. This might not be the case if we were to perform traditional sampling. Oversampling balances the population as shown in Figure 4. 
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Figure 4: Oversampling an under-represented customer segment
[bookmark: _Toc199279463]Generate a Model
Microsoft has created a very simple, powerful, easy-to-use and results-oriented data mining environment. Think of a model as an intelligent application or process that is applied to historical data, to detect significant patterns and trends that are key influencers to business measures. These patterns and trends can then be applied to predict probable outcomes, empowering the business to take preemptive action and potentially have an impact on future results. For example, if trying to solve the problem of customer churn by identifying customers within the customer base who are most likely to attrite, a model can be applied to customers on an ongoing basis, to proactively identify those more likely to leave. These customers can either be contacted with a promotion that will extend the relationship or you can exclude them from other promotions to improve response rates.
Think of a model as an automated process that identifies patterns and trends to generate business rules. When applied to business cases, the model provides the opportunity to proactively avoid or solve problems. 
SQL Server 2008 enables you to create multiple types of data mining models, assess the validity of each model, and apply models to business cases. It is not necessary to be a statistician to take advantage of these modeling capabilities. Microsoft offers a complete array of modeling techniques that enable analysts to create reliable and robust data mining models. 
[bookmark: _Toc199279464]Validate the Model
After models are generated, it is imperative to assess how well they perform against known data. You can create multiple models, but it is almost impossible to manage multiple models to solve a business problem. In most situations, you create multiple models, assess how well each model performs, and then use the model that is most accurate. 
It is important to understand that the accuracy of a model is relative to the data—data mining is an iterative process where you constantly measure and compare models as new data is introduced. With SQL Server 2008, the Data Mining Client for Excel offers a number of techniques to assess model performance as shown in Figure 5. 
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Figure 5: Data mining techniques in the Data Mining Client for Excel
[bookmark: _Toc199279465]Put the Model into Production
SQL Server data mining technologies enable you to publish a model in multiple ways. For example, you can score data from your desktop computer by using Excel 2007, or you can put the model into a batch in SQL Server and have batch scoring performed against the data. Alternatively, the model can be applied in a live scoring environment through SOA (Services Oriented Architecture). 
Data mining can be embedded within organizational processes. An example might be realtime fraud detection at the time of transaction in a retail store. By using a data mining model, a customer or employee can be measured for fraudulent behavior by measures such as number of transactions, length of checkout time, or total dollar amount of the transaction. A predictive analysis model could be running in the store environment, processing transactions in real time, looking for fraudulent behavior. If fraudulent behavior is suggested, SQL Server 2008 can be configured to send an alert to the store manager, notifying him or her that fraud might be occurring. 
Another example of using data mining in retail operations is for employee screening. Predictive models can be applied to candidates during the job screening process to help segment them and determine whether they are good candidates, and if so, where they would be best placed within the organization. For example, this type of logic might be used in a restaurant environment to help determine through the screening process whether a particular person is a good fit for certain shifts, such as in the morning when operations tend to be faster and the goal is to process the customer quickly. 
[bookmark: _Toc199279466]Data Mining in Retail
Data mining within the retail industry can be used for many business objectives. For instance, data mining can be used to better understand the purchasing behaviors of your customers, to help you understand your high- and lowmargin customers, to help you understand which customers are most likely to respond to a marketing campaign, or to help you identify which customers are likely to leave. Data mining can enhance and amplify the knowledge of all of your assets, from customers to suppliers to employees, and even the presentation of merchandise within the store.
This section demonstrates how Data Mining Add-Ins for Office 2007, through either the Data Mining Client for Excel (Figure 6) or the data mining capabilities within the Table Analysis Tools for Excel (see Figure 7) can solve retail business problems, such as marketing campaign effectiveness, customer segmentation, market basket analysis, demand planning, and inventory prediction. 
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Figure 6: Data Mining Client for Excel
The Data Mining Client for Excel is an end-to-end data mining environment, delivering tools for a full data mining development life cycle. It follows the processes mentioned previously for data exploration, data cleansing, data partitioning, model generation, and model assessment. 
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Figure 7: Table Tools in the Data Mining Client
The Data Mining Add-ins for Office 2007 include task-based tools for quick and powerful data mining with the Table Analysis Tools for Excel within Excel. 
[bookmark: _Toc199279467]Marketing Campaign Effectiveness
As the channels by which consumers shop evolve, retailers are faced with multiple dilemmas on how to target customers. With the progression of Web shopping and shopping mobility, traditional marketing campaigns such as mailers, flyers, and catalogs do not always reach their intended audience. The same can be true for a traditional brick-and-mortar shopper; because catalogs and mailers traditionally send this customer segment to the store, Web-based ads should be carefully selected for this population. This marketing problem could be defined as:
Who will receive the ad?
In what format is the ad going to be rendered?
How likely is it that the recipient will respond to the ad?
How frequently is the person going to be receiving direct offers—traditional, Web, or mobile?
What is the potential value of revenue if the customer does respond to the ad?
These are questions that retailers constantly ask. As budgets become tighter, competition continues to grow and margins become increasingly smaller, retailers must be judicious about to whom and how they target campaigns. 
The use of data mining for this type of initiative can assist in targeting the appropriate customer, increase response rates for the campaign, reduce associated costs, and increase customer satisfaction. Customers do not want to be inundated with senseless marketing. With data mining, an organization can wisely target the correct customers with the correct offering.
The sample data in Figure 8, which is from an historical marketing campaign, tells us who responded to a particular campaign and who did not. This information can be used to create a data mining model that predicts who is likely to respond to a similar future campaign. We want to generate a model from this data that can be applied to a group of customers so that we can predict future behavior. Using the Data Mining Client for Excel, we follow the steps previously outlined—exploring, cleaning, and partitioning the data, and then generating a model. 
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Figure 8: Sample of historical campaign data

After that process is completed, we can assess the performance of the model. Figure 9 tells us the response rate we can expect if we apply a predictive model to a marketing campaign. In this instance, we see that by using a predictive model, we can achieve about an 80 percent return in response rate by targeting only 60 percent of our customer population. We can use this information in a future campaign. 

Figure 9: Assessing model performance
We can apply the information that is generated from the model to a group of people to assess the likelihood that they will respond to a campaign. 
By using the Query tool within Model Usage in the add-in, you can apply a model to obtain a list of customers and assess if they should be targeted for a particular marketing campaign. The set of data shown in Figure 10 contains a list of potential customers. After applying a model to the data, the last column shows who is most likely to respond to the campaign. This column is autogenerated by the data mining tool. This information provides the predictive power to make better business and financial decisions. Because we are in the Excel environment, we can easily switch between discovery and exploration and filter customers by the expected outcome, review those who are more likely to respond, and perhaps export the list for action
[image: ]
Figure 10: Viewing predicted campaign responses
The financial ramifications of this type of knowledge are profound. It can be used to determine the frequency of campaigns, which type of campaign will be most effective, and to a multichannel campaign strategy.
[bookmark: _Toc199279468]Market Segmentation
Segmentation is available by clustering, which offers the capability to categorize unstructured data into groups with similar characteristics, properties, or attributes. In retail environments, this is commonly done with customer data to create segments that define customers or stores that share similar or unique patterns and behaviors. For example, clustering can be used to divide customers into high spend, medium spend and low spend customer segments. It can also be used to identity product purchasing trends in the store. This would then have an impact on how stores are furnished with merchandise or how marketers speak to customers. 
Segmentation can be used to help retailers better understand the spending patterns, communication preferences, and merchandising preferences of their customers, and to group customers uniquely by these characteristics. These same principles can be used to segment stores, partners, and vendors. This knowledge helps you drive promotions, pricing strategies, and marketing campaigns, and achieve a better relationship with customers, vendors, and partners. Retailers cannot afford to treat each store or channel as the same. By creating segments, the retailer has a better perspective on consumer behavior and can strive for greater loyalty by speaking appropriately to the defined segment. The Table Analysis Tools for Excel enable the business analyst to create identifiable and understandable segments that represent their customers. 
The sample data in Figure 11 is customer demographic data for those customers who historically have made a bike purchase. If we were to segment these customers, we could get a better understanding of the different groups of customers who are likely to purchase a bike. With this information, we can send them a campaign for potential cross selling. We can better understand how likely they are to spend, and we can better understand where we need to invest more resources in advertising. 
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Figure 11: Sample of demographic data for segmentation analysis
The Table Analysis Tools for Excel enable the business user to quickly and easily create reliable customer segments with ease. The following figure shows the Table Analysis Tools.
[image: ]
Figure 12: Detect categories enables the creation of unique segments
By using the Table Analysis Tools, we can quickly build our segments with the Detect Categories task. The chart in Figure 13 is an example of the results for clustering.
The following chart shows the results of performing a category analysis (cluster analysis) by using the Table Analysis Tool for Excel. As a result, six categories were automatically created. The tool includes an option to either automatically define the number of categories or have the end user define the number of categories. After the categories have been created, the end user can explore the category for the meaningful information that the category encapsulates. Since we are most interested in those customers who have or who have not purchased a bike, we will explore the category(s) that either tend to favor or not favor the purchase of a bike.
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Figure 13: Initial results from the detect category analysis
Figure 14 shows a more detailed and a segmented look at customers who have made a bike purchase. As the graph suggests, Category 1, Category 3, and Category 4 are all highly represented with customers who purchased a bike. We would then explore the generated customer segments in further detail to better understand the overall attributes of customers who belong to these categories. We would want to look at the associated demographic data that went in the creation of the segments. This intelligence helps us target new customers or better understand why certain store locations are not performing well. We can easily explore the identified segment within the results of the detect categories output. Figure 15 shows some of the details that describe Category 3.

[image: ]
Figure 14: A detailed look at the detect categories results
The Table Analysis Tools for Excel deliver rich visualization that provide clear and intuitive results. The Excel environment enables you to explore the data for a deeper understanding. Figure 15 shows the demographics that went into defining Category 3—customers in this category are managers with a relatively high income, live in the Pacific region, have more than four children, and have advanced scholastic degrees. This information is useful for creating campaigns or establishing a retail store in a particular area. With these demographics and an understanding of the lifestyle associated with the high likelihood of a bike purchase, you can make informed decisions about investments to target this population. 

[image: ]
Figure 15: Detailed analysis of category 3
Segmentation enables a retailer to have a better understanding of customers. Since customers tend to change behaviors over time, segments change over time as well. Therefore, a segmentation analysis should be recalculated to check for correctness. The ease of use and flexibility of Microsoft software data mining capabilities make this relatively easy. 
[bookmark: _Toc199279469]Shopping Basket Analysis
Shopping basket analysis is the ability to understand, on average, what products constitute a customer’s order or “shopping basket.” Shopping basket analysis is commonly used in retail and grocery environments to better understand customer purchasing preferences. This type of analysis is commonly referred to as market basket analysis. The information gathered from a shopping basket analysis can be used to cross-sell, bundle products that are frequently purchased together to increase customer satisfaction as well as up-sell, and offer products with higher margins alongside products with high demand to increase revenues. Businesses can leverage the insights gained from a shopping basket analysis to optimize assortment planning and validate promotions. The results of a shopping basket analysis can also be incorporated into a real-time marketing offer environment at check out. When a customer makes their purchase at check out, your company can offer the appropriate marketing ad or product recommendation for future purchases on the customer receipt, which can potentially affect sales and customer satisfaction. 
The Table Analysis Tools for Excel include the Shopping Basket Analysis task. The results of this analysis deliver an understanding of existing purchasing behavior in addition to effective recommendations for future purchases based on current purchasing behavior. 
The data in Figure 16 represents the traditional data requirements to perform a market basket analysis. You must have a variable that represents the transaction, a variable that represents the products that were purchased in the transaction, and optionally, a value associated with the transaction (this could represent either profit or cost, depending on the problem definition).
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Figure 16: Detail data to perform a shopping basket analysis

An intuitive Excel wizard steps you through creating the shopping basket analysis. 
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Figure 17: Shopping Basket Analysis wizard
After you run the wizard, two reports are presented—the shopping basket bundled items, and customer purchasing behavior, as shown in Figure 18. 
[image: ]
Figure 18: Initial shopping basket analysis results
The chart shows which items tend to be sold or bundled together, as well as the number of associated sales with the overall value of the bundle. This information is useful for making decisions about promotions, pricing strategies, and merchandising efforts. For example, in Figure 18, the Road-750 bike, along with the Road Bottle Cage and the Water Bottle were purchased 278 times, selling for $1,113.47, and generating $315,382.66 in sales. 
The second report, in Figure 19, delivers recommendations. This information is useful for determining which products to recommend to a customer, and how each recommendation can have an impact on the total value of a purchase. For example, when the Half Finger Gloves are purchased, recommending the Sport 100 is a good decision. There were 849 sales of the Half Finger Gloves and these sales result in 352 purchases of the Sport 100. The combined value of the recommendation is $19,004.48.
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Figure 19: Suggested recommendations from shopping basket analysis
Shopping basket analysis is a powerful analytical tool that enables the retailer to better understand how their customers purchase items. This information can improve merchandising efforts, increase customer satisfaction, and increase store profits. 
[bookmark: _Toc199279470]Demand Planning
Accurate demand planning has a tremendous impact on customer satisfaction, store operating costs, relationships with suppliers, and much more. A stock out occurs when a store is out of stock on a particular item. This causes not only a loss in sales, but potentially a decline in customer satisfaction. On the other hand, over stocking a store with too many of a particular item suggests that the retail store does not understand their customer base. Over stocking is costly because items sit on shelves and are not moving. Also, the retailer has paid the supplier for unnecessary merchandise. Both being out of stock and over stocking are to be avoided. Integrating demand planning into the merchandising, operational, and store processes helps to create a much more efficient process. Because you cannot assume that all stores and all customers behave the same, using demand planning enables the store to run much more efficiently. 
Demand planning is different from traditional data mining because includes a time series component. Other modeling techniques do not take time into consideration. Demand planning with SQL Server 2008 empowers users to understand fluctuations and variability over time, and takes these components into consideration when creating the model and forecast. 
Figure 20 shows historical sales data from multiple global regions. The time series dimension is provided by the first column, which contains a year/month timestamp for every sales entry. The illustration shows the sales amount for Europe, North America, and Pacific according to the time variable, which is monthly by year. 
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Figure 20: Forecasting wizard with Microsoft data mining
By applying the forecasting capabilities of SQL Server 2008 to this data, you can predict sales for a specified number of months. Figure 21 shows a chart with the forecasted values.

Figure 21: Visual display for forecasted values
You can define the length of the forecasting period. In the example, we forecast sales for the next 12 months.
Not only are we given a visual representation of the forecasted values (the dotted lines), but the forecasted values are also written back to the original Excel worksheet as shown in Figure 22. In the illustration, the predicted data is highlighted. This enables the analyst to easily switch between discovery and exploration, so that he or she can provide predictions to incorporate into business decisions. 
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Figure 22: Forecasted values written back to excel
The impact that demand planning has on a retail organization affects not only sales or products—it can also affect staffing of personnel, help you understand peak times of store activity, and help you take into consideration store preparations during times of catastrophic weather, allowing for preemptive actions that empower the business to run more smoothly and operate more efficiently, creating better internal and external relationships with customers and suppliers. 
[bookmark: _Toc199279471]Conclusion
The Data Mining Add-Ins for Office 2007 can be used to solve multiple business problems. The examples used in this paper describe the retail environment, but these methods are not exclusive to retail organizations. Most industries can use the concepts described in this paper to better understand both their businesses and their customers. There is an array of opportunities to apply predictive analysis to your organization. This article discussed a few salient topics, but predictive analysis can be used for many other applications, such as price and promotional analysis, logistics optimization, and customer life time value. 
The Data Mining Add-Ins for Office 2007 offer end-user flexibility, complete ease of use, and a familiar and intuitive environment for predictive analysis. The add-ins build upon the scalability of SQL Server 2008 and the familiarity of Microsoft Office. Microsoft data mining offers a complete self-service predictive analysis environment for you to better understand your business. 

For more information:
SQL Server Web site: http://www.microsoft.com/sql/technologies/dm/default.mspx
SQL Server TechCenter: http://technet.microsoft.com/en-us/sqlserver/default.aspx 
SQL Server DevCenter: http://msdn2.microsoft.com/en-us/sqlserver/default.aspx 
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No Model	0	1.0000000000000052E-2	2.0000000000000052E-2	3.0000000000000183E-2	4.0000000000000112E-2	5.0000000000000114E-2	6.0000000000000234E-2	7.0000000000000034E-2	8.0000000000000224E-2	9.0000000000000066E-2	0.1	0.11000000000000018	0.12000000000000002	0.13	0.14000000000000001	0.15000000000000024	0.16000000000000039	0.17	0.18000000000000024	0.19000000000000039	0.2	0.21000000000000021	0.22000000000000039	0.23	0.24000000000000021	0.25	0.26	0.27	0.28000000000000008	0.29000000000000031	0.30000000000000032	0.31000000000000238	0.32000000000000273	0.33000000000000301	0.34000000000000102	0.35000000000000031	0.36000000000000032	0.37000000000000038	0.38000000000000267	0.39000000000000273	0.4	0.41000000000000031	0.42000000000000032	0.43000000000000038	0.44000000000000072	0.45	0.46	0.47000000000000008	0.48000000000000032	0.49000000000000032	0.5	0.51	0.52	0.53	0.54	0.55000000000000004	0.56000000000000005	0.56999999999999995	0.58000000000000063	0.59000000000000064	0.60000000000000064	0.61000000000000065	0.62000000000000488	0.63000000000000544	0.64000000000000545	0.65000000000000568	0.66000000000000625	0.67000000000000626	0.68000000000000216	0.69000000000000272	0.70000000000000062	0.71000000000000063	0.72000000000000064	0.73000000000000065	0.74000000000000365	0.750000000000005	0.76000000000000545	0.77000000000000413	0.78	0.79	0.8	0.81	0.82000000000000062	0.83000000000000063	0.84000000000000064	0.85000000000000064	0.86000000000000065	0.87000000000000488	0.88000000000000156	0.8900000000000019	0.9	0.91	0.92	0.93	0.94000000000000061	0.95000000000000062	0.96000000000000063	0.97000000000000053	0.98	0.99	1	0	1.0000000000000052E-2	2.0000000000000052E-2	3.0000000000000183E-2	4.0000000000000112E-2	5.0000000000000114E-2	6.0000000000000234E-2	7.0000000000000034E-2	8.0000000000000224E-2	9.0000000000000066E-2	0.1	0.11000000000000018	0.12000000000000002	0.13	0.14000000000000001	0.15000000000000024	0.16000000000000039	0.17	0.18000000000000024	0.19000000000000039	0.2	0.21000000000000021	0.22000000000000039	0.23	0.24000000000000021	0.25	0.26	0.27	0.28000000000000008	0.29000000000000031	0.30000000000000032	0.31000000000000238	0.32000000000000273	0.33000000000000301	0.34000000000000102	0.35000000000000031	0.36000000000000032	0.37000000000000038	0.38000000000000267	0.39000000000000273	0.4	0.41000000000000031	0.42000000000000032	0.43000000000000038	0.44000000000000072	0.45	0.46	0.47000000000000008	0.48000000000000032	0.49000000000000032	0.5	0.51	0.52	0.53	0.54	0.55000000000000004	0.56000000000000005	0.56999999999999995	0.58000000000000063	0.59000000000000064	0.60000000000000064	0.61000000000000065	0.62000000000000488	0.63000000000000544	0.64000000000000545	0.65000000000000568	0.66000000000000625	0.67000000000000626	0.68000000000000216	0.69000000000000272	0.70000000000000062	0.71000000000000063	0.72000000000000064	0.73000000000000065	0.74000000000000365	0.750000000000005	0.76000000000000545	0.77000000000000413	0.78	0.79	0.8	0.81	0.82000000000000062	0.83000000000000063	0.84000000000000064	0.85000000000000064	0.86000000000000065	0.87000000000000488	0.88000000000000156	0.8900000000000019	0.9	0.91	0.92	0.93	0.94000000000000061	0.95000000000000062	0.96000000000000063	0.97000000000000053	0.98	0.99	1	Ideal Model	0	0.102040816326531	0.20408163265306101	0.30612244897959473	0.40816326530612201	0.51020408163264674	0.61224489795919501	0.71428571428571463	0.81632653061224458	0.91836734693877597	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	1	Source - Logistic Regression_3	0	4.7619047619047714E-2	6.1224489795918401E-2	8.8435374149661447E-2	9.1836734693877597E-2	0.11904761904761964	0.13265306122449	0.15646258503401494	0.17346938775510476	0.19387755102040791	0.22789115646258548	0.23129251700680301	0.25510204081632376	0.28571428571428964	0.2959183673469456	0.30272108843537399	0.31632653061225058	0.35034013605442232	0.36054421768707773	0.37414965986394638	0.38435374149659901	0.39115646258503661	0.40476190476190499	0.41836734693877597	0.43197278911565334	0.44217687074830037	0.44557823129252017	0.46938775510204611	0.47959183673469402	0.48639455782312901	0.49659863945578198	0.5	0.51020408163264674	0.52040816326530559	0.54081632653061196	0.54421768707482998	0.5544217687074825	0.56802721088435404	0.56802721088435404	0.58843537414965541	0.5986394557823127	0.6020408163265426	0.61224489795919501	0.62925170068027825	0.63945578231292499	0.6496598639455905	0.67006802721089276	0.68027210884353662	0.69047619047619191	0.69727891156462896	0.70748299319727859	0.71768707482993199	0.72108843537415546	0.7278911564625975	0.73129251700680364	0.74149659863945605	0.75510204081632559	0.75850340136054395	0.76190476190476197	0.76870748299320402	0.76870748299320402	0.77210884353741982	0.78571428571428559	0.78571428571428559	0.79931972789115557	0.81292517006803244	0.81292517006803244	0.81972789115646305	0.82993197278912145	0.83333333333333304	0.843537414965986	0.85374149659865151	0.85374149659865151	0.85714285714285765	0.87755102040816846	0.89115646258503556	0.89795918367347416	0.89795918367347416	0.9013605442176813	0.9047619047619001	0.91156462585033271	0.91496598639455795	0.91496598639455795	0.91496598639455795	0.91836734693877498	0.921768707482993	0.93197278911563963	0.94897959183673497	0.95578231292517546	0.95578231292517546	0.96938775510204056	0.96938775510204056	0.96938775510204056	0.97619047619048638	0.97959183673469985	0.98299319727891199	0.98299319727891199	0.98639455782312901	0.99319727891156451	1	1	Source - Neural Net_1	0	5.7823129251701098E-2	8.5034013605442854E-2	0.11564625850340178	0.14285714285714482	0.17006802721088388	0.187074829931973	0.21088435374149936	0.22789115646258548	0.23469387755102131	0.25850340136054673	0.27551020408163301	0.29931972789115913	0.29931972789115913	0.32653061224490237	0.32993197278911873	0.33673469387755628	0.35714285714286137	0.36394557823129298	0.37074829931973124	0.39115646258503661	0.40476190476190499	0.41836734693877597	0.42857142857142899	0.44217687074830037	0.45918367346938832	0.46938775510204611	0.48639455782312901	0.49659863945578198	0.50340136054421758	0.51020408163264674	0.51700680272108801	0.51700680272108801	0.52040816326530559	0.53401360544217702	0.5374149659863876	0.54761904761905345	0.55102040816326503	0.56122448979591311	0.57482993197278964	0.58503401360544416	0.6020408163265426	0.60544217687074797	0.61904761904761962	0.63265306122449638	0.64285714285714302	0.65646258503401356	0.67006802721089276	0.68027210884353662	0.69047619047619191	0.70068027210885275	0.70748299319727859	0.71088435374149705	0.71768707482993199	0.73469387755103011	0.74149659863945605	0.75510204081632559	0.76530612244898488	0.77210884353741982	0.77891156462585054	0.78911564625851061	0.79251700680271542	0.79591836734693411	0.79591836734693411	0.80612244897959195	0.80952380952381064	0.81632653061224458	0.81972789115646305	0.82312925170068063	0.82993197278912145	0.83333333333333304	0.84693877551020402	0.86054421768708589	0.87074829931973596	0.8877551020408202	0.8877551020408202	0.8877551020408202	0.89115646258503556	0.9047619047619001	0.9047619047619001	0.9047619047619001	0.91156462585033271	0.91496598639455795	0.91836734693877498	0.921768707482993	0.93197278911563963	0.93537414965986398	0.93877551020409289	0.94217687074829903	0.94557823129251695	0.95578231292517546	0.96258503401360562	0.97278911564625759	0.97619047619048638	0.97619047619048638	0.97959183673469985	0.97959183673469985	0.98299319727891199	0.98639455782312901	0.99659863945578264	1	Source - Trees_4	0	5.4421768707482956E-2	8.5034013605442854E-2	0.13265306122449	0.14625850340136273	0.17346938775510476	0.19387755102040791	0.21768707482993199	0.22448979591836754	0.24489795918367299	0.2823129251700735	0.31972789115646744	0.37074829931973124	0.41836734693877597	0.45578231292517002	0.46938775510204611	0.47959183673469402	0.48639455782312901	0.5	0.50680272108843449	0.50680272108843449	0.50680272108843449	0.50680272108843449	0.50680272108843449	0.50680272108843449	0.51700680272108801	0.52380952380952395	0.52721088435374197	0.53401360544217702	0.53401360544217702	0.54421768707482998	0.55102040816326503	0.5544217687074825	0.5646258503401469	0.578231292517012	0.6020408163265426	0.61224489795919501	0.62925170068027825	0.63605442176870763	0.64625850340136104	0.6496598639455905	0.65306122448980475	0.65646258503401356	0.67006802721089276	0.68027210884353662	0.69727891156462896	0.70748299319727859	0.71428571428571463	0.71768707482993199	0.7278911564625975	0.73129251700680364	0.73469387755103011	0.7448979591836814	0.74829931972789165	0.74829931972789165	0.75510204081632559	0.76530612244898488	0.76530612244898488	0.77891156462585054	0.78911564625851061	0.79251700680271542	0.80612244897959195	0.80612244897959195	0.80952380952381064	0.81292517006803244	0.81632653061224458	0.81632653061224458	0.81632653061224458	0.81972789115646305	0.82653061224490065	0.82653061224490065	0.82653061224490065	0.82653061224490065	0.82653061224490065	0.83333333333333304	0.83673469387755095	0.83673469387755095	0.83673469387755095	0.83673469387755095	0.85034013605442826	0.88095238095237538	0.89115646258503556	0.89795918367347416	0.9013605442176813	0.921768707482993	0.92857142857142905	0.92857142857142905	0.92857142857142905	0.93537414965986398	0.93537414965986398	0.93537414965986398	0.93537414965986398	0.93537414965986398	0.93877551020409289	0.93877551020409289	0.93877551020409289	0.94897959183673497	0.95918367346939426	0.99319727891156451	0.99319727891156451	1	Overall Population %
Population Correct %
Europe Amount	200107	200108	200109	200110	200111	200112	200201	200202	200203	200204	200205	200206	200207	200208	200209	200210	200211	200212	200301	200302	200303	200304	200305	200306	200307	200308	200309	200310	200311	200312	200401	200402	200403	200404	200405	200406	0	20324.939999999897	20349.939999999897	16949.95	16949.95	27124.920000000009	27049.919999999896	27124.920000000009	23699.93	27049.919999999896	27099.919999999896	23699.93	30524.91	24678.464000000025	32897.178200000002	35057.883400000006	30892.722800000021	32964.142400000004	65905.963399999979	41227.499399999993	55615.829600000005	49379.249399999993	53499.767199999995	53522.088600000003	86597.838000000003	85489.63	108439.53	127024.45	115449.5	117644.48999999999	228304.01	138349.4	198344.14	182129.21000000011	182254.21000000011	184774.2	295483.71999999997	294331.32266385201	353263.37154157698	381429.77512450184	371767.87820992002	379678.44741777022	559374.95343366941	435604.84506109159	538466.47509224701	507787.58130440599	514440.92161807057	518345.60925877001	671942.21395565709	NorthAmerica Amount	0	20324.939999999897	23724.93	16974.95	20299.939999999897	23749.93	47399.86	30474.91	30424.91	30499.91	33874.9	60924.82	43999.87	39156.0798	45325.695799999994	35057.883400000006	39111.437000000005	51517.633199999997	88513.007799999992	59691.704600000005	59691.704600000005	61897.052600000003	61785.445600000006	115329.85560000002	86620.159400000426	135979.41	154464.32999999868	124454.45999999999	138474.4	182154.21000000011	311473.64999999985	212389.08	205329.11000000004	214584.07	214609.07	405993.24	297803.71000000002	405860.89934424497	449262.66730190901	378713.445001118	434292.76505514683	502504.788608537	704853.76722277142	556789.49786355009	541484.58434661536	565697.84978590941	571614.76395827392	812187.04780924902	684493.75868619443	Pacific Amount	0	64424.810000000012	60899.82	10174.969999999879	54174.840000000011	57599.83	57474.83	64349.810000000012	6799.98	74524.78	77824.77	67699.8	74549.78	47330.1512	55571.186800000003	14455.294400000086	82410.356	8241.0355999999811	78222.873999999996	88513.007799999992	103035.26639999991	107133.46279999994	107289.71259999911	111209.33779999999	105062.04319999999	124579.45999999999	16139.93	106169.54	113029.51	115374.5	11524.949999999983	110734.52	108539.53	110859.52	117619.48999999999	103849.55	115249.5	85701.647796516438	85885.224233561778	85918.731816800297	85834.370761405487	85658.654693713601	85413.351967093957	85116.275096318423	84781.942553803034	84422.133319369968	84046.351334118357	83662.214281941808	83275.778827723203		Microsoft Corporation ©2008
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F6 -0 f« | Graduate Degree v
A B c D [ G H ! J 3 L ™ N 5] [ T
1
2 mm mmm
3 22711 Single Male 0 Partial College  Clerical 1 0-1 Miles Europe 33 Yes
413555 Married Female 40000 0 Graduate Degree _ Clerical Yes 001 Miles Europe 37 Yes
5 |28907 Married Male 160000 5 partial College __ Professional  No 3 10+ Miles Europe 55N0
6| 2Single Male 160000 o[Graduate Dséree lanagement  Yes 2 0-1Miles Pacific 47 No
7 25410 Single Female 70000 2 Bachelors ‘Skilled Manual No 1 0-1 Miles North America | 38 Yes
5| 4Married Female 120000 2 Bachelors Management  Yes 3 25 Miles North America 40 No
5 |15756 Single Female 70000 0 High school Professional  Yes 2510 Miles pacific 49 ves
10 11085 Single Female 50000 0 High school Professional  No 2510 Miles North America 49 No
1117974 Married Female 30000 1 Bachelors Clerical Yes 025 Miles Europe 38 Yes
12| 21008 single Female 20000 1 partial College  Manual No 001 Miles Europe 45 Yes
13 28985 Single Male 50000 0 Bachelors Managament  No 212Miles North America 64 No
1411087 Married Female 70000 2 Partial College _ Professional  No 001 Miles North America 49 No
1520434 Single Male 50000 0 Partial College  Skilled Manual No 212Miles North America 31 Yes
16 14902 Married Female 40000 0 Partial College _ Clerical Yes 1 1-2Miles North America 50 Yes
1711091 Married Male 50000 0partial College  Professional  Yes 15-10Miles North America 49 No
18| 11094 Single male 70000 0 Partial College_ Skilled Manual No 1 0-1Miles pacific 44 No
19 18568 Single Female 50000 2 Bachelors skilled Manual Yes 125 Miles North America 39 Yes
20 16366 Married Female 40000 0 Partial College _ Clerical Yes 1 1-2Miles North America 51 Yes
21 20768 Single Male 40000 0 partial College  Clerical Yes 1 1-2Miles North America 48 Yes
22| 11098 single Female 50000 0 Partial College_ Skilled Manual No 1 0-1Miles pacific 45 No.
23 18269 Single Female 50000 2 Bachelors Professional  Yes 2510 Miles pacific 43 ves
2411102 single Female 50000 5 Bachelors Professional  Yes 412Miles pacific 41No
25 11113 Married Male 70000 4 Bachelors Professional  Yes 2510 Miles pacific 4o
26 26529 single Female 70000 0 Graduate Degree _ Professional  Yes 025 Miles North America 37 Yes
2711114 Single Female 70000 4 partial College Skilled Manual Yes 2510 Miles pacific 4o
28| 23612 single Female 50000 0 Partial College _ Professional  No 225 Miles Europe 62 Yes
29 11115 Married Male 70000 4 partial College Skilled Manual Yes 201 Miles pacific 4o
30| 11116 Married male 70000 4 partial College Skilled Manual Yes 2510 Miles pacific 44 No
3111118 Single Male 50000 0 Partial College  Skilled Manual No 1 0-1 Miles pacific 49 N0
32| 19441 single male 40000 0 Graduate Degree _ Clerical Yes 001 Miles Europe 37 Yes
3311103 Single Female 70000 0 Bachelors Professional  Yes 15-10Miles pacific 42 ves
3411104 Married male 70000 0 Bachelors Professional  No 1 0-1Miles pacific 42 Yes
35 15834 Single Female 40000 0 Partial College  Skilled Manual No 1 1-2Miles North America | 30 Yes
36 20824 Single male 30000 0 Bachelors Clerical Yes 001 Miles Europe 63 Yes
37 11119 Single Male 30000 0 partial College  Clerical No 201 Miles pacific 71No
38| 11121 Married male 70000 4 partial College Skilled Manual Yes 3 10+ Miles pacific 45 No.
3911122 Married Male 70000 4 partial College Skilled Manual Yes 35-10Miles pacific 45 N0
40111123 Married Male 70000 4 Partial Collese___ Skilled Manual Yes 3 10+ Miles Dacific 46 No.
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3 22711 Single Male 0 Partial College  Clerical 10-1Miles curope. 33 Yes
413555 Married Female 40000 0 Graduate Degree  Clerical Yes 0.0-1 Miles Europe 37 Yes
5 | 28907 Married Male 160000) 5 Partial College  Professional  No. 3 10+ Miles Europe 55 No.
6| 2single Male 160000 0 Graduate Degree  Management Yes 2.0-1 Miles Pacific 47 No
7 25410 Single. Female 70000 2 Bachelors Skilled Manual No 101 Miles NorthAmerica 38 Yes
8| 4Married Female 120000 2 Bachelors Management  Yes 3 2.5 Miles NorthAmerica 40 No
5 15756 Single Female 70000 0 High School Professional  Yes. 2510 Miles Pacific 49 Yes
10 11085 Single Female 50000 0 High School Professional  No 25-10 Miles. NorthAmerica 49 No
1117574 Married Female 30000 1 Bachelors Clerical Yes 025 Miles Europe 38 Yes
12 21008 Single Female 20000 1 Partial College  Manual No 0.0-1 Miles Europe 46 Yes
13 28985 Single Male 50000 0 Bachelors Management  No 21-2Miles NorthAmerica 64 No
1411087 Married Female 70000 2 Partial College  Professional  No. 0.0-1 Miles North America 49 No
15 20434 Single Male 50000 0 Partial College  Skilled Manual No. 21-2Miles NorthAmerica 31 Yes
1614902 Married Female 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 50 Yes
1711091 Married Male 50000 0 Partial College  Professional  Yes 1510 Miles North America 49 No
18 11094 Single Male 70000 0 Partial College _ Skilled Manual No. 10-1Miles Pacific 44 No
19 18568 Single Female 50000 2 Bachelors Skilled Manual Yes 12:5Miles NorthAmerica 39 Yes
20 16366 Married Female 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 51 Yes
2120768 Single Male 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 48 Yes
22 11098 Single Female 50000 0 Partial College _ Skilled Manual No. 10-1Miles Pacific 45 No
23 18269 Single Female 50000 2 Bachelors Professional  Yes 2520 Miles Pacific 43¥es
2411102 Single Female 80000 5 Bachelors Professional  Yes 41-2Miles Pacific 41 No
2511113 Married Male 70000 4 Bachelors Professional  Yes 2510 Miles Pacific 44 N0
26 26529 Single Female 70000 0 Graduate Degree _ Professional _ Yes 025 Miles NorthAmerica 37 Yes
2711114 Single Female 70000 4 Partial College  Skilled Manual Yes 2510 Miles Pacific 44 No
28 23612 Single Female 50000 0 Partial College  Professional  No. 225 Miles Europe 62 Yes
29 11115 Married Male 70000 4 Partial College  Skilled Manual Yes 20-1 Miles Pacific 44 No
30 11116 Married Male 70000 4 Partial College _ Skilled Manual Yes 25-10 Miles. Pacific 44 No
3111118 Single Male 80000 0 Partial College  Skilled Manual No. 101 Miles Pacific 49 No
3219441 Single Male 40000 0 Graduate Degree  Clerical Yes 0.0-1 Miles Europe 37 Yes
3311103 Single Female 70000 0 Bachelors Professional  Yes 1510 Miles Pacific 42¥es
3411104 Married Male 70000 0 Bachelors Professional  No 10-1Miles Pacific 42 Yes
3515834 Single Female 40000 0 Partial College  Skilled Manual No. 11-2Miles NorthAmerica 30 Yes
36 20824 Single Male 30000 0 Bachelors Clerical Yes 0.0-1 Miles Europe 63 Yes
3711119 Single Male 30000 0 Partial College  Clerical No 20-1 Miles Pacific 71 No
38 11121 Married Male 70000 4 Partial College _ Skilled Manual Yes 3 10+ Miles Pacific 45 No
3911122 Married Male 70000 4 Partial College  Skilled Manual Yes 3510 Miles Pacific 46 No
4011123 Married Male 70000 4 partialCollese  Skilled Manual Yes 2 10+ Miles pacific 46 N0
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22711 single Male 0 Partial College. Clencsl 1 0-1 Miles curope. 33 Yes
413555 Married Female 40000 0 Graduate Degree _ Clerical Yes 001 Miles Europe 37 Yes
5 |28907 Married Male 160000 5 Partial College  Professional  No 3 10+ Miles Europe 55N0
6| 2single male 160000 0 Graduate Degree  Management Yes 201 Miles pacific 47 No
7 pd Manual No 1 0-1 Miles North America | 38 Yes
8 A cuics gement Yes 3 2.5Miles NorthAmerica 40 No
El ‘Specify Thresholds ssional  Yes. 2 5-10 Miles. Pacific 49 Yes.

e e s e g ahoved. Chane theresclution o view s @ psonal Ne 2510 Miles North America 49 No

! Yes 025 Miles Europe 38 Yes

e IS P oo1ies e 5 Yes

! () SRN" | hgement No 212 Miles NorthAmerica 64 No

ssional  No 001 Miles North America 49 No

a0 d Manual No 212Miles North America 31 Yes

! Yes 1 1-2Miles North America 50 Yes

1540 ssional  Yes 15-10Miles North America 49 No

d Manual No 1 0-1Miles pacific 44 No

3480 d Manual Yes 125 Miles North America 39 Yes

! Yes 1 1-2Miles North America 51 Yes

220 ! Yes 1 1-2Miles North America 48 Yes

d Manual No 1 0-1Miles pacific 45 No.

1160 ssional  Yes 2510 Miles pacific 43 ves

ssional  Yes 412Miles pacific 41No

o ssional  Yes 2510 Miles. Pacific 44 No

Ressluon 5 - ssional  Yes 025 Miles North America 37 Yes

d Manual Yes 2510 Miles pacific 4o

ssional  No 225 Miles Europe 62 Yes

Beck, 33 Soreel kd Manual Yes 201 Miles Pacific 24 No

111, d Manual Yes 2510 Miles pacific 44 No

3111118 Single Male 50000 0 Partial College  Skilled Manual No 1 0-1 Miles pacific 49 N0

32| 19441 single male 40000 0 Graduate Degree _ Clerical Yes 001 Miles Europe 37 Yes

3311103 Single Female 70000 0 Bachelors Professional  Yes 15-10Miles pacific 42 ves

3411104 Married male 70000 0 Bachelors Professional  No 1 0-1Miles pacific 42 Yes

35 15834 Single Female 40000 0 Partial College  Skilled Manual No 1 1-2Miles North America | 30 Yes

36 20824 Single male 30000 0 Bachelors Clerical Yes 001 Miles Europe 63 Yes

37 11119 Single Male 30000 0 partial College  Clerical No 201 Miles pacific 71No

38| 11121 Married male 70000 4 partial College Skilled Manual Yes 3 10+ Miles pacific 45 No.

3911122 Married Male 70000 4 partial College Skilled Manual Yes 35-10Miles pacific 45 N0

40111123 Married Mal 4 Partigl Collesa  Skilled Manual 3 10 Mil pacifi 46 No.
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BN > B varita status Bl Gender  Elincome B3| children E3|Education  [E3|0ccupation [E3]Home owner B3| cars Bl commute Distance B2l Region B Age ElPurchased Bike E3)
3 12496 Married Female 40000 1 Bachelors Skilled Manual Yes 0 0-1Miles Euope &2 No
4| 24107 Married Male 30000 3 Partial College Clerical Yes 1 o-1Miles Europe 43 No
5 14177 Married Male 80000 5 PartialCollege _Professional No 2 25Miles Europe 60 No
6 | 24381 Single Male 70000 0 Bachelors Professional Yes 1 [5-10Miles Pacific 41 Yes
7 25597 Single Male 30000 0 Bachelors Clerical No 0 0-1Miles Europe 36 Yes

8 | 13507 Married Female 10000 2 Partial College _Manual Yes 0 [1-2Miles Europe 50 No
B W—MM 4 0-1Miles Pacific 33 Yes
10 19364 Married V9 oversampling forunder. e 0 [0-1Miles Europe 43 Yes
1122155 Married [ o epreserted 2[9] 2 5-10Miles Pacific £ No
12 19280 Married : 2[9] 1 01miles curope 48 Yes
1322173 Married Fe 2 12Miles Pacific 54 Yes

14| 12697 Single el SoXcolion: (ectol ot z 4 10+Miles pacific 36 No
1511434 Married M Targetstae: Vamed B 4 0-1Miles Europe 55 No
1625323 Married (72 [ 5 - 1 12Miles Europe 35 Yes
1723542 Single [ pereenises 1 o1Miles Pacific 45 Yes
18 20870 Single Fe|  Samplesize o0 1 o-1Miles Europe 38 Yes
1923316 Single MY Descrpton 2 12Miles Pacific 59 Yes
20| 12610 Married Fel  Asetof sample ons il be extracted o 2 new spreackheet. The sample il have atmost 0 [0-1Miles Europe 47 No
P 3 S » 1000 ows and il snsure 30 representation of the taret sate 5 EmE © Yer
2225940 Single [ 2 5-10Miles Pacific 55 Yes

2325598 Married Fe 0 0-1Miles Europe 36 Yes
24 21564 Single Fe 410+ Miles Pacific 35 No
2519193 Single [ 0 1-2Miles Europe 35 Yes
26 26412 Married Fe 3510 Miles Europe 56 No
27| 27184 Single [ 1 o1Miles Euope 34 No
28 125%0 Single [ 0 0-1Miles Europe 63 No
2917841 Single [ 1 o1Miles Europe 29 Yes
30 18283 Single Fe 1 [5-10Miles Pacific 40 No
YT — s R
32 16456 Single Female J0000——— 0 PariiaT High SchooT Wanuar 2 0-1Miles uope 32 Yes
3319273 Married Female 20000 2 PpartialCollege _Manual Yes 0 0-1Miles Euope 63 No
34 22400 Married Male 10000 0 Partial College  Manual No 1 o-1Miles Pacific 26 Yes
3520942 Single Female 20000 0 HighSchool Manual No 1 s10Miles Europe 31 No
36 18484 Single Male 80000 2 HighSchool Skilled Manual No 2 1-2Miles Pacific 50 Yes
3712291 Single Male 50000 5 Ppartial College _Professional No 2 25Miles Euope 62 Yes
38 28380 Single Female 10000 5 Partial High School Manual No 2 0-1Miles Europe 41 No
3917891 Married Female R R Yes 1 o1Miles Europe 50 Yes
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1
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3 22711 Single. Male 0 Partial College  Clerical 1 0-1Miles Europe 33 Yes
413555 Married Female 20000 0 Graduate Degree  Clerical Yes 0 0-1Miles Europe 37 Yes
5 28907 Married Male 160000 5 Pal College. professional  No 3 10+ Miles. Europe 55 No
6| 2Single Male 160000 o[Graduate Dséree lanagement  Yes 2 0-1Miles Pacific 47 No
7 25410 Single Female 70000 2 Bachelors Skilled Manual No 10-1Miles North America 38 Yes
8 4 Married Female 120000 2 Bachelors. Management  Yes 3 2-5 Miles North America 40 No
9 15756 Single Female 70000 0 High School Professional  Yes 25-10 Miles Pacific 49 Yes.
10| 11085 Single Female 60000 0 High School Professional  No 2 5-10 Miles North America 48 No
11 17974 Married Female 30000 1 Bachelors. Clerical Yes 0 2-5Miles Europe 38 Yes
12| 21008 Single Female 20000 1 Partial College  Manual No 0 0-1Miles Europe 46 Yes.
1328985 Single Male 50000 0 Bachelors. Management No 2 12 Miles. North America 64 No.
14 11087 Married Female 70000 2 Partial College professional  No 0 0-1Miles North America 49 No
15 | 20434 Single Male 60000 0 Partial College  Skilled Manual No 2 12 Miles. North America 31 Yes
16 14902 Married Female 40000 0 Partial College Clerical Yes 11-2Miles North America 50 Yes
17 11091 Married Male 90000 0 Partial College. professional  Yes 15-10 Miles North America 49 No
18 | 11094 Single Male 70000 0 Partial College  Skilled Manual No 1 0-1Miles Pacific 24 No
19 18568 Single Female 50000 2 Bachelors Skilled Manual Yes 12-5Miles North America 39 Yes
20 16366 Married Female 40000 0 Partial College Clerical Yes 11-2Miles North America 51 Yes
21 | 20768 Single Male 20000 0 Partial College  Clerical Yes 11-2 Miles North America 48 Yes
2211098 Single Female 60000 0 Partial College  Skilled Manual No 1 0-1Miles Pacific 45 No
23 18269 Single Female 60000 2 Bachelors professional  Yes 2 5-10 Miles Pacific 43 Yes
2411102 Single Female 80000 5 Bachelors Professional  Yes 4 1-2Miles Pacific 41 No
25 11113 Married Male 70000 4 Bachelors professional  Yes 2 5-10 Miles Pacific 44 No
26 26529 Single Female 70000 0 Graduate Degree  Professional  Yes. 0 2-5 Miles. North America 37 Yes
27 11114 Single Female 70000 4 Partial College  Skilled Manual Yes. 25-10 Miles Pacific 24 No
28| 23612 Single Female 90000 0 Partial College  Professional  No 2 2-5Miles. Europe 62 Yes.
29 11115 Married Male 70000 4 Partial College. Skilled Manual Yes 2 0-1Miles Pacific 44 No
30 11116 Married Male 70000 4 Partial College Skilled Manual Yes 2 5-10 Miles Pacific 44 No
3111118 Single Male 80000 0 Partial College  Skilled Manual No 10-1 Miles Pacific 49 No
3219441 Single Male 20000 0 Graduate Degree  Clerical Yes 0 0-1Miles Europe 37 Yes
33 11103 Single Female 70000 0 Bachelors professional  Yes 15-10 Miles Pacific 42 Yes
34 11104 Married Male 70000 0 Bachelors professional  No 10-1Miles Pacific 42 Yes
3515834 Single Female 20000 0 Partial College  Skilled Manual No 11-2 Miles North America 30 Yes
36| 20824 Single Male 30000 0 Bachelors. Clerical Yes 0 0-1Miles Europe 63 Yes.
37 11119 Single Male 30000 0 Partial College  Clerical No 2 0-1 Miles Pacific 71 No
38 11121 Married Male 70000 4 Partial College Skilled Manual Yes 3 10+ Miles Pacific 45 No
39 11122 Married Male 70000 4 Partial College. Skilled Manual Yes 3 5-10 Miles Pacific 46 No
4011123 Married Male 70000 4 partialCollese  Skilled Manual Yes 2 10+ Miles pacific 46 N0
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3 22711 single Male 30000 0 Partial College  Clerical No 1.0-1Miles Europe. 33 Yes
4 |13555 Married Female 40000 0 Graduate Degree  Clerical Yes 0.0-1 Miles Europe 37 Yes
5 28907 Married Male 160000 5 Partial College  Professional  No 3 10+ Miles Europe. 55 No
6  2single Male 160000 0 Graduate Degree  Management  Yes 2 0-1 Miles Pacific 47 No
7 25410 single Female 70000 2 Bachelors skilled Manual No 1 0-1Miles NorthAmerica 38 Yes
8| 4Married Female 120000 2 Bachelors Management  Yes 3 2-5 Miles. North America 40 No
9 15756 Single Female 70000 0 High school professional  Yes 2510 Miles Pacific 43 Yes
1011085 single Female 60000 0 High school professional  No 2 5-10 Miles North America 49 No
1117974 Married Female 30000 1 Bachelors Clerical Yes 02:5 Miles Europe. 38 Yes
1221008 single Female 20000 1 partial College  Manual No 0.0-1 Miles Europe 45 Yes
1328985 Single. Male 50000 0 Bachelors Management  No 212 Miles NorthAmerica 64 No
1411087 Married Female 70000 2 Partial College  Professional  No 0.0-1 Miles North America 49 No
15 | 20434 Single. Male 60000 0 Partial College  Skilled Manual No 212 Miles NorthAmerica 31 Yes
1614902 Married Female 40000 0 Partial College  Clerical Yes 11-2Miles North America 50 Yes
17 11091 Married Male 30000 0Partial College  Professional  Yes 1510 Miles North America 49 No.
1811094 single Male 70000 0 Partial College  Skilled Manual No 1 0-1Miles Pacific 44 No
1918568 Single. Female 50000 2 Bachelors skilled Manual Yes 1 2:5 Miles. NorthAmerica 39 Yes
20| 16366 Married Female 40000 0 Partial College  Clerical Yes 11-2Miles North America 51 Yes
2120768 single. Male 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 48 Yes
2211098 single Female 60000 0 Partial College  Skilled Manual No 1 0-1Miles Pacific 45 No
2318269 Single. Female 60000 2 Bachelors professional  Yes 2510 Miles Pacific 43 Yes
2411102 single Female 80000 5 Bachelors Professional  Yes 41-2 Miles Pacific 41 No
25 11113 Married Male 70000 4 Bachelors professional  Yes 2510 Miles Pacific 24 No
2626529 single Female 70000 0 Graduate Degree  Professional  Yes 0 2:5 Miles North America 37 Yes
27|11114 Single. Female 70000 4 Partial College  Skilled Manual Yes 2510 Miles Pacific 24 No
2823612 single Female 30000 0 Partial College  Professional  No 2 2:5 Miles Europe 62 Yes
29 11115 Married Male 70000 4 Partial College  Skilled Manual Yes 201 Miles Pacific 24 No
30 11116 Married Male 70000 4 Partial College  Skilled Manual Yes 2 5-10 Miles Pacific 44 No
3111118 Single. Male 80000 0 Partial College  Skilled Manual No 1 0-1Miles Pacific 43 No
3219441 single Male 40000 0 Graduate Degree  Clerical Yes 0.0-1 Miles Europe 37 Yes
3311103 Single. Female 70000 0 Bachelors professional  Yes 1510 Miles Pacific a2Yes
3411104 Married Male 70000 0 Bachelors professional  No 1 0-1Miles Pacific 42 Yes
35 |15834 Single. Female 40000 0 Partial College  Skilled Manual No 11-2Miles North America 30 Yes
36| 20824 single Male 30000 0 Bachelors Clerical Yes 0.0-1 Miles Europe 63 Yes
3711119 single. Male 30000 0 Partial College  Clerical No 201 Miles Pacific 71No
3811121 Married Male 70000 4 Partial College  Skilled Manual Yes 3 10+ Miles. Pacific 45 No
39 11122 Married Male 70000 4 Partial College  Skilled Manual Yes 3 510 Miles Pacific 45 No
4011123 Married Male 70000 4 Partial Collese _ Skilled Manual Yes 3 10+ Miles. parific 46 No
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22711 Single Male 0 Partial College  Clerical 10-1Miles Europe 33 Yes
413555 Married Female 40000 0 Graduate Degree  Clerical Yes 0.0-1 Miles Europe 37 Yes
5 28907 Married Male 160000 5 Partial College  Professional  No. 320+ Miles Europe 55 No
6 2single Male 160000 0 Graduate Degree  Management Yes 2.0-1 Miles Pacific 47 No
7 25410 Single. Female 70000 2 Bachelors Skilled Manual No 101 Miles NorthAmerica 38 Yes
8| 4Married Female 120000 2 Bachelors Management  Yes 3 2.5 Miles NorthAmerica 40 No
5 15756 Single Female 70000 0 High School Professional  Yes. 2510 Miles Pacific 49 Yes
10 11085 Single Female 50000 0 High School Professional  No 25-10 Miles. NorthAmerica 49 No

1117974 Married Female 30000 1[Bachelors lclerical Yes 0 2:5 Miles Europe 38 Yes
1221008 Single Female 20000 1 Partial College _ Manual No 0.0-1 Miles Europe 46 Yes
13 28985 Single Male 50000 0 Bachelors Management  No 21-2Miles NorthAmerica 64 No
1411087 Married Female 70000 2 Partial College  Professional  No. 0.0-1 Miles North America 49 No
15 20434 Single Male 50000 0 Partial College  Skilled Manual No. 21-2Miles NorthAmerica 31 Yes
1614902 Married Female 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 50 Yes
1711091 Married Male 50000 0 Partial College  Professional  Yes 1510 Miles North America 49 No
18 11094 Single Male 70000 0 Partial College _ Skilled Manual No. 10-1Miles Pacific 44 No
19 18568 Single Female 50000 2 Bachelors Skilled Manual Yes 12:5Miles NorthAmerica 39 Yes
20 16366 Married Female 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 51 Yes
2120768 Single Male 40000 0 Partial College  Clerical Yes 11-2Miles NorthAmerica 48 Yes
22 11098 Single Female 50000 0 Partial College _ Skilled Manual No. 10-1Miles Pacific 45 No
23 18269 Single Female 50000 2 Bachelors Professional  Yes 2520 Miles Pacific 43¥es
2411102 Single Female 80000 5 Bachelors Professional  Yes 41-2Miles Pacific 41 No
2511113 Married Male 70000 4 Bachelors Professional  Yes 2510 Miles Pacific 44 N0
26 26529 Single Female 70000 0 Graduate Degree _ Professional _ Yes 025 Miles NorthAmerica 37 Yes
2711114 Single Female 70000 4 Partial College  Skilled Manual Yes 2510 Miles Pacific 44 No
28 23612 Single Female 50000 0 Partial College  Professional  No. 225 Miles Europe 62 Yes
29 11115 Married Male 70000 4 Partial College  Skilled Manual Yes 20-1 Miles Pacific 44 No
30 11116 Married Male 70000 4 Partial College _ Skilled Manual Yes 25-10 Miles. Pacific 44 No
3111118 Single Male 80000 0 Partial College  Skilled Manual No. 101 Miles Pacific 49 No
3219441 Single Male 40000 0 Graduate Degree  Clerical Yes 0.0-1 Miles Europe 37 Yes
3311103 Single Female 70000 0 Bachelors Professional  Yes 1510 Miles Pacific 42¥es
3411104 Married Male 70000 0 Bachelors Professional  No 10-1Miles Pacific 42 Yes
3515834 Single Female 40000 0 Partial College  Skilled Manual No. 11-2Miles NorthAmerica 30 Yes
36 20824 Single Male 30000 0 Bachelors Clerical Yes 0.0-1 Miles Europe 63 Yes
3711119 Single Male 30000 0 Partial College  Clerical No 20-1 Miles Pacific 71 No
38 11121 Married Male 70000 4 Partial College _ Skilled Manual Yes 3 10+ Miles Pacific 45 No
3911122 Married Male 70000 4 Partial College  Skilled Manual Yes 3510 Miles Pacific 46 No
4011123 Married Male 70000 4 partialCollese  Skilled Manual Yes 2 10+ Miles pacific. 46 N0
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5 Response

2 40000 1 0 Bachelors Skilled Manual Yes 0 0-1Miles Europe. 42 No
3 30000 3 3 Partial College Clerical Yes 10-1Miles Europe 43 No
a 80000 B 0 Partial College Professional No 2 2-5Miles. Europe 60 No
5 70000 [ 0 Bachelors Professional Yes 1 5-10 Miles. Pacific 41 Yes
6 30000 0 0 Bachelors. Clerical No 00-1Miles. Europe 36 Yes.
7 10000 2 0 Partial College Manual Yes 0/1-2 Miles. Europe 50 No
8 160000 2 5 High School Management Yes 4 0-1Miles Pacific 33 Yes.
9 40000 1 0 Bachelors Skilled Manual Yes 0 0-1Miles Europe. 43 Yes
10 20000 2 1 Partial High School Clerical Yes 2 5-10 Miles Pacific 58 No
1 20000 2 0 Partial College Manual Yes 10-1Miles Europe 48 Yes.
12 30000 3 0 High School Skilled Manual No 2 1-2 Miles Pacific 54 Yes
13 90000 [ 0 Bachelors Professional No 4 10+ Miles Pacific 36 No
14 170000 B 5 Partial College Professional Yes 4 0-1Miles Europe 55 No
15 40000 2 2 Partial College Clerical Yes 11-2 Miles Europe 35 Yes
16 60000 1 0 Partial College Skilled Manual No 1 0-1Miles Pacific 45 Yes
17 10000 2 2 High School Manual Yes 10-1Miles Europe 38 Yes
18 30000 3 0 Partial College Clerical No 2 1-2 Miles Pacific 59 Yes
19 30000 1 0 Bachelors. Clerical Yes 0.0-1 Miles Europe 47 No
20 20000 2 2 Partial College Clerical Yes 1 1-2 Miles Europe 35 Yes.
21 20000 2 1 Partial High School Clerical Yes 2 5-10 Miles Pacific 55 Yes
2 20000 0 0 Graduate Degree Clerical Yes 00-1Miles. Europe 36 Yes.
23 80000 [ 0 Bachelors Professional Yes 4 10+ Miles Pacific 35 No.
22 20000 2 2 Partial College Clerical Yes 0 1-2 Miles. Europe 35 Yes.
25 80000 B 1 High School Management No 3 5-10 Miles. Europe 56 No
2 20000 2 2 Partial College Clerical No 1 0-1Miles Europe 34 No
27 30000 1 0 Bachelors. Clerical Yes 0.0-1 Miles Europe 63 No
28 30000 0 0 Partial College Clerical No 1 0-1Miles Europe 29 Yes.
29 100000 [ 0 Bachelors Professional No 1 5-10 Miles. Pacific 40 No
30 70000 5 4 Partial College. Skilled Manual Yes 2 5-10 Miles. Pacific 44 No
144> »i|_Table Analysis Tools Sample Forscssingbemo —~ FiFronExampe 1
Edit | S
Wistart| | (@ @ (- ) | b start age - Microson..| o Anslysis SevicesPr. | @) Creating a Market 5. | (& Reports Lbrary - ... | &) Bockt [ customer Demos.. | Eosko = | A browse Izl





image10.png
Hd9-c-)-

Home  Inset  Pagelayout  Formulas

Data  Review

DMAddins SampleData [Read-Only] - Microsoft Excel

Adddns | Data Mining

AR A+ @AAS l

B% 4sabh B x K

Eplore Clean Parton | Classy Estimate Custer Assodte Forecast Aduanced || Accuracy Clssfation Profit Cross. || Browse Document Quey || Manage || (detaut Tace | Hep
A T A i Coart atiston Riose Wodes | matodant) "
Data Peparation DataModeling Lo T Wode Usige | Managemer | Connedon ) e
GL > £ 2
L e T w [ v T 5 T w [T el wm T ~ [ o J[eTlal r [ s [ 7%
1
FY vearly income B c Occupation B2 Phone B2 commute Distance!|
3 90000 0 Bachelors Professional Yes 0 3761N.14thst 1(11)500555-0162 1-2 Miles. pacific 20 ves
2 60000 3 Bachelors professional No 1 2a3wst 1(11) 5005550110 0-1 Miles. pacific n N
B 60000 3 Bachelors professional Yes 1 ssaslindenland 1(11)500555-0184 2-5 Miles. pacific MmN
B 70000 0 Bachelors professional No 1 1825village Pl 1(11) 5005550162 5-10 Miles pacific 88 No
7 80000 5 Bachelors professional Yes 4 7553 Hamness Circle 1(11)500555-0131 1.2 Miles. pacific 38 ves
B 70000 0 Bachelors professional Yes 1 7305 Humphrey Drive 1(11) 5005550151 5-10 Miles pacific MmN
B 70000 0 Bachelors professional Yes 1 26128erryDr 1(11)500555-0184 5-10 Miles. pacific 0 No
10 60000 3 Bachelors professional Yes 2 9a2BrookStreet 1(11) 5005550126 0-1Miles. pacific 2 ves
1 60000 4 Bachelors professional Yes 3 624peabody Road 1(11)500555-0164 10+ Miles. pacific 2 No
12 70000 0 Bachelors professional No 1 3833 Northgate Road 1(11) 5005550110 5-10 Miles pacific 2 ves
13 70000 0 Bachelors professional No 1 7800 Corrinne Court 1(11)500555-0163 5-10 Miles. pacific 2 No
14 60000 4 Bachelors professional Yes 4 12285hoenic 1(11) 5005550117 10+ Miles. pacific 3 No
15 100000 0  Bachelors Management Yes 2 a78sscottstreet 717-555-0164 12 Miles NorthAm 38 No
16 100000 0 Bachelors Management Yes 3 7902 Hudson Ave. 817-555-0185 0-1Miles NorthAmi 38 No
7 100000 0  Bachelors Management No 3 9011 TankDrive 2315550156 1-2Miles NorhAm: 38 Yes
18 30000 0 Partial College ‘Skilled Manual No 1 244 Willow Pass Road 208-555-0142 5-10 Miles North Am¢ 27 No
19 30000 0  partialCollege Skilled Manual Yes 1 9666 Northridge Ct. 135-555-0171 5-10 Miles NothAm 27 No
20 20000 0 Highschool Skilled Manual Yes 2 7330Saddlenill Lane 1(11) 500555-0195 5-10 Miles pacific &2 No
2 30000 0  parialCollege  Clerical Yes 2 2aaRivewview 1(11)500555-0137 5-10 Miles. pacific 2 ves
2 20000 0 HighSchool skilled Manual No 2 7832landingDr 262-555-0112 5-10 Miles NorthAmi 28 No
23 40000 0 High School Skilled Manual No 2 7156 Rose Dr.. 550-555-0163 1-2 Miles North Am: 28 No
24 40000 0 Partial College ‘Skilled Manual No 1 8148 W. Lake Dr. 622-555-0158 1-2 Miles North Am¢ 28 No
25 40000 0 Partial College Skilled Manual Yes 1 1769 Nicholas Drive 589-555-0185 5-10 Miles North Am: 28 No
2 20000 0 PpartialCollege Skilled Manual Yes 1 4499 valley Crest 452-555-0188 12 Miles NorthAmi 28 No
27 60000 0 Partial College Skilled Manual Yes 2 8734 Oxford Place 746-555-0186 5-10 Miles North Am: 28 No
8 10000 1 Partial High School Clerical Yes 2 2596 Franklin Canyon Road 1(11) 500555-0178 1-2 Miles pacific 0 No
P 30000 0  ParialCollege  Clerical No 2 8211leedsct. 1(11)500555-0131 1.2 Miles pacific 0 No
30 30000 0  PartialCollege  Clerical Yes 2 213ValenciaPlace 1(11) 5005550184 510 Miles pacific 59 No
ES 30000 0  PamialCollege  Clerical Yes 2 9111Rose Ann Ave 1(11)500555-0116 1.2 Miles pacific 60 ves
2 30000 0  PartialCollege  Clerical Yes 2 6385 Mark Twain 1(11) 5005550145 |1-2 Miles. pacific 59 No
) 10000 1 Partial High School Clerical Yes 2 636 Vine Hill Way 1(11)500555-0182 1.2 Miles. pacific 59 No
2 20000 0 Highschool Skilled Manual Yes 2 6465 Detroit Ave. 1(11) 5005550195 1-2 Miles. pacific 59 No
35 20000 0 Highschool Skilled Manual Yes 2 6268entleyStreet 1(11)500555-0169 1-2 Miles pacific 59 No
36 20000 0 Highschool Skilled Manual Yes 2 5927Rainbow Dr 1(11) 5005550137 5-10 Miles. pacific 59 No
7 20000 0 Highschool Skilled Manual Yes 2 s167CondorPlace 1(11)500555-0136 5-10 Miles. pacific 59 No
38 10000 1 Partial High School Clerical Yes 2 1873Mt. Whitney Dr 1(11) 5005550177 1-2 Miles. pacific 58 No
39 60000 0 PartialCollege Skilled Manual Yes 2 3981 Augustine Drive 115-555-0183 12 Miles NorthAm 27 No
a 4000 Dartial Hish School_Clerical 95550117 510 Miles Nonam o5 no
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1 Bllpurchased Bike E|
2 40000 1 0 Bachelors Skilled Manual _ Yes 001 Miles Europe
3 30000 3 3 Partial College Clerical Yes 10-1Miles Europe
4 0000 s 0 Partial College Professional No 225 Miles Europe
s 70000 o 0 Bachelors Professional Yes 1510 Miles Pacific

6 30000 ) 0 Bachelors Clerical No. olo-1 miles Europe
7 10000 2 0 Partial College Manual Yes 012 Miles Europe
s 160000 2 5 High School Management  Yes 4.0-1 Miles Pacific
B 40000 1 0 Bachelors Skilled Manual _ Yes 0.0-1 Miles Europe
10 20000 2 1 Partial High School __Clerical Yes 2510 Miles Pacific
1n 20000 2 0 Partial College Manual Yes 10-1Miles Europe
» 30000 3 0 High School Skilled Manual _ No 212 Miles Pacific
1 50000 o 0 Bachelors Professional No 410+ Miles Pacific
1 170000 s 5 Partial College Professional Yes 4.0-1Miles Europe
5 40000 2 2 Partial College Clerical Yes 11-2Miles Europe
16 50000 1 0 Partial College Skilled Manual _ No 10-1Miles Pacific
17 10000 2 2 High School Manual Yes 10-1Miles Europe
18 30000 3 0 Partial College Clerical No 212 Miles Pacific
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